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We usually can
set 0.5 as the
threshold for
determining if a
man is obese or
not
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Let’s use logistic regression,
and the above data as an
example

So from the fitted curve, we would know
that some points are correctly classified,
and some are not
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Let’s use logistic regression,
and the above data as an
example

II All the rests are classified right

So from the fitted curve, we would know
that some points are correctly classified,
and some are not
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, o , hreshold=0.5 Actual
Let’s use logistic regression,
and the above data as an Is Obese Not Obese

example Prediction |s Obese 4 1

Not obese 1 3
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Let’s use logistic regression,
and the above data as an Is Obese Not Obese
example Prediction Is Obese 4 1

Not obese 1 3

We can change the hreshold=0.2 Actual
threshold to another Is Obese Not Obese

value, e.g, 0.2, and create
another matrix Prediction Is Obese 5 0

Not obese 1 3
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Let’s use logistic regression,
and the above data as an
example

We can create many confusion matrix for each selected thresholds

hreshold=0.5 Actual
Is Obese Not Obese

Prediction |s Obese A 1
hreshold=0.2 Actual
Not obese
Is Obese Not Obese
Prediction Is Obese 5 0

Not obese 1 3

ROC score is designed to simplify the visualization of such huge number of matrices ...
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ROC score is designed to simplify the visualization of such huge number of matrices ...
Let’s use logistic regression,
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Let’s use logistic regression,
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ROC score is designed to simplify the visualization of such huge number of matrices ...
Let’s use logistic regression,
and the above data as an

example ROC graph has:

* X-axis: True positive rate, or
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* Y-axis: False positive rate
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Let’s use logistic regression,
and the above data as an
example

True positive rate can be calculated as

We can create many confusion matrix for each selected thresholds

hreshold=0.5 Actual
Is Obese
Prediction |s Obese A 1
hreshold=0.2 Actual
Not obese
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ROC score is designed to simplity the visualization of such huge number of matrices ...
Let’s use logistic regression,
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