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We can think about the 
value as how much the 
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The larger the skill 
drops, the more the 
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Therefore, in this 
example, feature2 is the 
most important feature, 
and feature 1 is the least 
important feature
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Compared to the permutation method, 
“column-drop” method is usually more 
accurate, but more expensive (we need to 
refit the model)


