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~ 1 ”

These numbers are called Gini impurity
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Now let’s look at a
more complicated
example, in
predictor, we have
wind speed, which
is not marked as
“Yes/No”, instead it
has a series of
values.
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By doing this over and over (going
through all predictors) until we reach to
the level that we are not able to split
anymore (e.g., “0/1” or “impure”
situation)



