Feature importance — Gini based method
Sijin Zhang
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The importance for F1

° Averaged over all trees We go through all the trees with the last step, and average the results

e Normalize the results if needed

We through all the features for the above process, and normalize the results.
For example, we can divide the averaged results by the number of trees being used ...

The high the value, the more important that the feature is
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